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Data overview
Municipality Count Average of Price_per_sqm Average of Area_sqm Max of Stories Average of Registered_in_cadaster

Beograd 5907 €                                  1,625.81 73.40 30.00 0.78

Zvezdara 890 €                                  1,394.31 64.57 28.00 0.73

Novi Beograd 743 €                                  1,709.84 71.11 30.00 0.89

Vracar 735 €                                  2,186.28 85.85 21.00 0.85

Vozdovac 709 €                                  1,375.65 74.21 25.00 0.79

Palilula 585 €                                  1,214.28 66.22 22.00 0.69

Stari grad 474 €                                  2,474.32 80.13 22.00 0.90

Zemun 447 €                                  1,196.02 67.52 22.00 0.71

Savski venac 445 €                                  2,504.87 90.45 30.00 0.65

Cukarica 431 €                                  1,265.02 73.32 15.00 0.77

Rakovica 401 €                                      994.55 65.05 19.00 0.78

Grocka 32 €                                      724.23 53.94 5.00 0.81

Barajevo 4 €                                      414.77 52.25 6.00 1.00

Surcin 4 €                                      893.94 63.25 4.00 0.75

Lazarevac 3 €                                      680.01 83.33 5.00 0.67

Obrenovac 2 €                                      738.09 90.50 4.00 1.00

Mladenovac 1 €                                      933.33 75.00 4.00 1.00

Sopot 1 €                                      679.25 53.00 3.00 1.00

Grand Total 5907 €                                  1,625.81 73.40 30.00 0.78



Null model

Factor Variance % of total variation

Street:(Neighbourhood:Municipality) 28769 4.87%

Neighbourhood:Municipality 97102 16.45%

Municipality 313038 53.04%

Residual 151326 25.64%

Total 590235 100.00%

Around 75% of the total variation in price per meter squared can be explained by locations. 

The mantra Location, location and location seems to be supported by the data.

Price_per_sqm is a function of:

Location (Municipality/Neighbourhood/Street)



Full model (Hedonic regression model)

Price_per_sqm is a function of:

• Location (Municipality/Neighbourhood/Street)

• Area_sqm (numerical value)

• Type (new built, used, under construction) 

• Condition (regular, lux, renovated, requires renovation)

• Floor (basement, lower ground, ground, mezzanine, 1 … n)

• Stories (numerical value)

• Not at the top floor (yes or no)

• Elevator (yes or no)

• Garage (yes or no)

• Basement storage (yes or no)

• Heating (Electric Thermal Storage, District Heating, Underfloor Heating, Central Heating, Norwegian Panel Heaters, Tiled Stove, 
Marble Heaters, Natural Gas)

• Registered in the cadaster (yes or no)

• Advertiser (agency, investor, owner) 



• The following slides show marginal (all remaining factors are held 
constant at their average/reference levels) effects for each factor. 



























The most pricey 
municipalities/neighborhoods/streets



Findings

• The full model explains 81.43% of the total variation in advertised 
prices of apartments. 

• The most important factors are: Location, Floor, Condition, Area, 
Heating system, Garage, Elevator. 

• The remaining 18.57% of variation is a result of different pricing 
strategies, agency fees, different views, quality of construction, quality 
of furniture and installations, amenities, facilities, layout, construction 
timelines (for properties under construction), etc. 



Prediction 

• Besides using the regression model to help us understand what drives 
property prices, we can use it to make predictions and identify 
(potentially) underpriced properties. These are properties for which 
predicted prices are significantly higher than advertised prices. Some 
differences mainly reflect model errors (i.e. the difference can be 
justified by factors not included in the model), while some reflect 
pricing errors (fire sales, suboptimal pricing). 

• The following slides present the most over/undervalued properties 
according to the model. 
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